PREDICTIVE LEARNING

y = “response/output”’ variable (unknown)
x = (1,2, - -, Zn) = “input/predictor” variables
Prediction: § = F(x):
L(y, F') = loss criterion:

regl"ession: Ly, F)=(y— F)?, |y—F|

classification: y, ' € {c1 ¢p,---,Ccx}

L(y, F) = L, p = K x K matrix

Lack of accuracy (“risk”): R(F') = ExyL(y, F(x))
Optimal (“target”) function: F™* = argmingp R(F)
Learning: T = {xi,yi}{v “training” sample

F(x) = learning procedure (T') ~ F*(x)
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